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1) X : Gartner(https://www.gartner.com/en/articles/what-s-new-in-artificial-intelligence-from-the-2023-gartner-hype-cycle)
Page 2

EY



23 I Al S Al =
FEEDL, AT LH LLM & 2t& Al A S Al JtS3iotiH )Y 28 292 &
LLM 2 LLM J|Bt &2 & S A| Ef Y etel (~'23.12)
. |
meem /H‘éftll ala] 110 “.—“:\“'):_‘I'" m : o rrnn:-/fl:lh_' mn IP ‘L'-—‘r'v .-,»%:":U-. 111" : ;-T ™Y 1-7‘:“:‘.0_‘ mere
| , | | |
|

EY

=X :EY Analysis

Page 3



=N [ N o
MAS AIQl =2 Jls0l U8t Insight
MAA Al S22 2d0tH =2 “HEIx2| 2 A4"0t=S Use Casez
Qo 220 )5S 288 24 ¥ X Jts
2ol =2¢ Ot &M [ HE
(Answer Question) (Drafting / Edit)
o 2O I8 AHAM MHEIA DEF * M3 KV HI& &L HAHOOIA
e Gen Al J|Bt = [ AY 1NE 3} e BN &M

« HIZ CIXHQ! AlOH MR

Page 4

gt
=

= OfLt,

Qo /22

— TT

(Summarize / Classify)

e A8 UIE/AHIX 2R 24
s 24 MAH Ns =&
* CS OB HEIHE =4

EY



OO O
DHAHIE ZO0HH [0 S Ale &3 MEH0l Ligt Eot= &4 2 Bst Vg2 NS

Contents Customer Experience

Customer Insight
(incl. Service/Products) (incl. Channel, Communication)

(Analytics)

Sentiment Analysis

zazH woa Hopsied eeacf

fruce sreat. ed sy i
rane 3 rec &i
erf llgOO ooksassean yo
ey St gcon ortabée :
happyquq &ty vaiuewstur yo‘

vPrlce assemble“’“ple
Tinstructions 2

2100
xJ%Hﬂ*H £0, Uyt 1%t A= ot &
ArgStAl! ElLic

aaaaaaaa

vvvvvvvv

OIHE el o e =
RN Z/2ae e e ZES EII NPT
=2 1A o 2 A 2D > CS el CEJ 01
1AM L?JH%WEE_E') (e.g., HHOI3F OITH ) H
EY

Page 5



1128 Review =4 X H i

== 212 S0 J|etst Taxonomy 42 Gen Al J|Bte 2 (MoK, 28 8T e &
011Xl Key Word &0l &=

=W HHEAOIE : DA 2= BE & 2 MAl = A8ITH HZAF: OIHHA DB S A &4

AOIE WH =2 240K HIOl Xl JlIE =4 A MY AID|IBHOHEE =4 A
4 N\ 4 N\
O chatpT2 2 6748 §—7|‘§- 2%4%20@ o Raw rev|eW Raw reV]eW . Sample reVieW data
SRR e \ J \_ J
“de|HIoIHE DFOFEFOIt OFE =Ha0| Y
+=HE2 E% ’—(h_ /\|/\4 9| OE-'?'—E IHE O o= “ ddE Al ex. Whatcompla/nt
Lo 20/X2 JI20UH MES S \ =T J \ J category the review can be
DbRl = AQLICH CheH 22 AL S Xte SO/ 0 WY classified into?”
ACIHIOIE I SE6ICHL) ASotASLICE” (Word2Vec)
Complaint Complaint Z 1 == ¥ mapping
Factor Factor =5 22 =AM
v E23-6i8 =2 FE/F2TE R L Al v AM&IE Taxonomy J|Et 24 S A AIESELCE
0O ZLHIAF 00 GIAHZE X & (2]l 7 S E EH2) &
v UIQXIIFE L0l 25 Y228 B8 EF F&c I
(60%[180~85%)

Page 6 EY



JtSL= =2 X il E s = 5
Zototdd, 0|2 JBtL2 Mx, 2lLE AisetE +¢
To-Be Image -8 ey
02 Feedbackie e T — =
. . AR =T « 2/23 Feedback I 0 VoC 24 2|EE Xt=3gt
cs - S0 ES - Lifestyle me@ I
~ = o ZO|AIE | - 12 Feedbacko| eHet 2 A 8H
A al = JH ee acK=| = 0/
. WSR S 2% Feedback Text/212t B . =¢t call L= | o e
e Ve HE A8 & = » Feedback P HOIE/NSEE/NSE DIEH 24
-~ \ Report
Review ' - =
S _____+__! @ u=pDB2ERY =%
Device ! :
A | (e R R : » Dashboard Xt= 24 2 Trend
SN — DHHE HE Il | Qot
Message/2Hel | @0 ol 1——— @ 12 Interaction M=
\ ZAEI= A\ I
Retention » Retention | - XS KIS I=Z2 It SH
ol o IS Mo 2a || Campaion & KPl | . SCjHistory & D24 auet Ojut 0
oHelst BIAIKI & \ S * Retention Rate Report |
2HTH O OFLY “ ' ol + Communication |
Voo Ol [Hl = [ a
\ A TEEEEEEEEEE - =
\ N
N T - CS Tl
. . .com&S + OI0IA
24 g + Sales Data (PoS)
Sales DB * CRM
Page 7

MAE AIQ 2EO2,
- HE &2E
M= DB . A2 HUAN

HlE st S0t

SHAE HAFUAOE MA =&




-

ENEI=
S et Ets

CHAH CI X

EH A

HE L IIIE LA
e 8 - Kl 2 2 0t
o o T e s

. 0= gt o
=g L= Nss 2
T S 20F 2

O= i e 3=2l1= &

Page 8

0f0
=

FH

g

==

o o
10
[m)
1>
oy
el
I
0x

aT
==
al
[m]

[l |
"HH' >||

e [

M)
™
FH

A A

S X & H (Synopsys/Google)

=& A Al ES
£ Mg O 6AI
JﬂOICdﬁ, 882z
M A 108 &4t
PN MIT & Sl B

X
[esson

L(1EPN

=2s54d 2381 &It

ERP & FOIOIE Al e & 210 XS

]

ton

ERP & W= CIOIE SHA
AU 29 2 22 [

2 S e
(R el e T2 N A
MAH aFa =&

EY



CIOIES 22l =O0FHIA 2l & At

==
)

o
|'0II

AFA O Z 210 I e

FOIOIH Z£E

9l sige ) PH0 28

EY Data Fabric Portal PoC

End-User
(Data Consumer)

. [XFOf

& [ - [SEHM] 'strsglse” T
xlo

[Business Question Z*d]

= o 0|E

—

]'20234 08E Zt M=Eo| Y OfE SHAUS LM

| U2
mlor .|_

Business Questionf| Lt

HIOIE M7, At

@oj Zo| % 21} % 28

< |~

=]
EY R — Ry oy

Xt
Fabric Portal . ZdA A5
S

[Portal ®| & 7|5]

iul Data Catalog E&
denodo’ =
With
OpenAl " Ao 2ol A Zut FE

\

[Portal <-> Cllc= HEF AH|A]

Denodo Data Catalogll| &=

View(E2|E, 43), FieldE2IY, =2|¥g, 4¥

Denodo L OpenAl H& A{H|A % E87510

7 xfQI0f Ho| WS U 55 MY Zut v

fAL

), ZHE|l 2], Ei1 ZE HZS

=
\

/

Page 9

EY



=K ol
3 neds
4 Sl
io0 %ﬂw M %.__. e =
= - R 8l 2 w6
Ao: & 3 o0 = 5y _m___
5 < HEO oy 1
%_ A hg
2 S
<F ok @
ol gol gl
=3 rr@UI 71l 10 = %M
m_.z._ A_H_ 0 il o_
- m ol D = w
LAO mmw or = I
= ] =
=
S —
N 0[0 -
= M o
H A TS
— O_” g —— o0
__2_. o) A_.___ 4r ﬁ 50
e X0 K
S
80 @ M
O = wr R B
L S ok oF A
ol X My Vo azuw
oE = % M TLEZ
o kKO 80 : KO M =) 0 qm_
o) F oy w ===
s ow
T0 O oF
< e m 0 Do
< o rGC I
S
o Y MH@HH < Eeg
o W <X =g
o0 oY 10 W o™
K <) K 20 il e

H =z

EY

Page 10



Rol2t itE Hit === ?/et Use Case & &
HP NS, U2 0BT 2 DS SHGHE 200 AHLHSIOl S 29 NS 2o
g s3 2 Abo] B Al

I}e/el 89 22,
Ch B2 29| J|Z I} & 010+ &

or2ro] D= gtg il Hl g,
Risk ZE£= ErZ ot
Ol 5 A &=
DA SAE EQ

2o Its 8

Page 11



&E st

1} Orchestration

=
S ﬁI—IO.”_|C]C-|I |. 8 -” | -| | 1 |6H/\I/\__’|_ | :l N |I—Iﬁ XM AdI2O Tl O
- 2EUHAH 21 GIOI& 2| OrchestrationO] sial &= ROIOIH, )& 28 2 ER
R Model Level
V Selected Foundation Model (Proprietary v' LLM Selection & Security ] : : ;
Sources & Model/Open Source Model) certification > i Packaging Registration & '
© Manageme v" Model Fine-tuning, ! Versioning !
© - Ensemble techniques to ! !
2 remove bias: nicEiE e ] e T T e
‘© . . . s e . . . . . R e e e e e e e e e e e
g ! Data Lab i ; v Model Fine-tuning
o H 2 : Supervised Cl &CD [ . A
X Data Data Preparation H E Tuned Model 4 '
% Df)mam S § Validation & pre-processing E E meﬁz::gMoael [l Muodel Evaluation pipeline ' Serving i
> Specific Traini i i ; | Real time API |:
£ ng Data Set - D e e S ; E
s v Data Anonymization & preprocessing 2 : CS:::::::, o Q - '
B I
e Performance
degradation
Presentation Application Platiornm lovel
level level
Completion
ﬁ% Monitoring & Observability Final Model AP
_> e sreeveeryyrever
g, h.l I.ll I.I.l v~ User Monitoring & Reporting
© AT
& v User Authentication Prompt Validation, Embedding Stored as a Service
5 v User Guidelines v User reviews & Engineering (Prompt is vectorized here) 5 5
‘= v Awareness monitoring il
= v Documentation < B Response &
< Response Validation reposito
v User Prompts & Completion Filtering & Policy adherence
Page 12 EY




S = X XH ol Odl o 11 =2 11 = al W = = S
MASAIANE BHE M HOIH & 2E B0F TSETE B0t App & 012t B0t 5 MAHAI
= = T A vy |
= A A&8c B80F ({2 8 H P

MASHE R MG REIE AL e e e e - - - @ LLM Data Source & Management
@ LLM API A7[0} ZZ EE=]) Glojg 22 M=t H EE
[0
21Z M= £ Filtering LLM PY iR H/F FEANM s I 2 M Y HpSEIYR|
Sk
End-User Model E%/oarﬂe_lg HAE a‘ls’la Vector DB K& ol M 7t 53t
Training 0g
A A
CHH XcH StA vy ! !
Input Text g M Stg 2 HiE I |
4 8% W& ne v : ¢ 22 Hoe 53
1
D Canary Token* HAE Y HiE Pipeline A | 1 :
iiii;. LIETE = =% - O|XH ol O|Z+A : |
Ho} Q/Z3 Suffix/Prefix Filtering ZOF FIEA| HOF AL Y BT HA éHC.E_: :n%n g apApSi=] T |
Chatbot OH2} O1A] DYFLIS** +8 ! :
1
A | :
SHxt M| A MH|A Z3} Zh : I
A 4 | :
! I
2ol Ell N
SBOM™* 22| & =2 — EE
IO XA Y5HE
UM Z2ER 2L 23RS J1%HolE 2ol

Page 13



[Back-up] EY Gen Al Solution Framework

CE= M A= M LF Z0H0| OtYl, UI0IH S8, 28 HHY A, Z2 HlA MBHY| CHE
LLM—I—EE l_-lAE—— |_|_|- J, oOBH, — o J—,_ —l_-ll_l- |_|-
HE £5 i| X :|. X|_+_/\-| st

(=) J /L I} o T L

EY Gen Al Framework
'\Gn:\:;:?\r;rr:ge/ LLM Ops | | Model Monitoring & Drift | | Model Governance |
Application Portfolio Optimization | | Portfolio Optimization | | Chatbot on Enterprise data | | Marketing Risks Analysis | | App Server React/Angular |
_____________________________________________________________________________________________ e e
- 2 Selective Knowledge > Vvalidation & !
Post Processing Caching Recency Search Kipp et Factual Check Human in Loop Testing i \&
_____________________________________________________________________________________________ 4
- Core Orchestration - ” Upstream API o LangChain
Orchestration Python | | API Integration | | Catalogue | | Channels Integration | | RAG | !
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Snowflake & EY Consulting

EY’s Snowflake Data Platform Capabilities

EY= Snowflakel| 228 %/ 1) S5 UE U 2 Al Cloud Data Migration, Data Platform, Citizen
Data Science, Data Mesh, Clean Room s Lt&et 1= 38 27

500+ 2000+ 10+ Programs
. O -0 D
& i A
Our Expertise — ’ ﬁ
Snowflake Engagements Snowflake SnowPro Core Snowflake Cloud Data Professionals Azure Cloud Snowflake Cloud

Certifications Professionals
Enterprise Data Platform Strategy

Landscape assessment Cloud DW Platform Architecture

Data Warehouse Modernization

Certifications

Data Lake Modernization
Auto ingest with continuous data pipeline

Academy

Data Migration
Reconciliation & data integrity

What we Data strategy workshop DWH Strategy & Data modelling Automated scaling Data migration framework

brlng to our Tool evaluation & standardization Data Blending for disparate sources Business rules implementation Data conversion routines

clients Enterprise data roadmap Data Exchange & Data Sharing Modern Lake Architecture Attribute transformation

Key Assets & Accelerators Best Practices
Our Assets, Y . .
A | t Metadata-Driven Data Ingestion Framework Snowflake Data Migration Accelerator Snowflake Reference Architecture Data Mesh Framework with Snowflake
ccelerators Snowflake Reconciliation Framework Snowflake Spend Analysis Azure + Snowflake Modern Data DataOps Methods
and Best Datalink for Snowflake Metadata-Driven Data Harmonization Framework Platform Reference Architecture 20+ Pre-Built Insurance Use-Cases
. Snowflake Analyzer IE for Snowflake
Practices Y

Partnership Status Snowflake Awards

Snowflake Data Super Hero + Vibrant Snowflake
Developer Community

Partner;hlp S EY has the highest level 2023 Snowflake Global System 1 250+
Recogmtlon SERVICES ; Integrator Industry Solution
PARTNER of partnership status - )

ELITE < Development Partner of the One among 48 super-heroes globally & EY Snowflake Active

Year award One among 5 selected from India Community Members
Industry Solutions EY Comply Insurance Insights Platform EY ESG Arena EY Spend Analytics
Indus,try PN EY has 4 Industry Solutions Power Your Middle-and-Back office ~ EY_Insurance Platform: Turn Your EY ESG Arena - All-in-one Power Your Supply Chain With
SOlUtIOI‘]S SERVICES published in Snowflake operations with EY Comply Data and Analytics Vision Into framework caters to your current Advanced Spend Analytics And
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PARTNER
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Reality
challenges

and future ESG and sustainability

Machine Learning Insights
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https://www.snowflake.com/en/resources/solution-brief/ey-comply-solution-brief/
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https://www.snowflake.com/en/resources/solution-brief/ey-esg-arena/
https://www.snowflake.com/en/resources/solution-brief/ey-esg-arena/
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https://www.snowflake.com/en/resources/solution-brief/ey-esg-arena/
https://www.snowflake.com/en/resources/solution-brief/power-your-supply-chain-with-advanced-spend-analytics-and-machin/
https://www.snowflake.com/en/resources/solution-brief/power-your-supply-chain-with-advanced-spend-analytics-and-machin/
https://www.snowflake.com/en/resources/solution-brief/power-your-supply-chain-with-advanced-spend-analytics-and-machin/
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Snowflake & EY Consulting

Global Data & Analytics Team

EY Global Data & Analytics Teams= & H 2| CH&Fst
8= €22 MMAH D2R0H = 12| Data =4 &

Global Leader

EY >
BeatrizSanzSaiz Cameron Wall Blair Delzoppo David Lindop Dan J Diasio

(Melbourne, Australia) (Sydney, Australia) (London, UK) (New York, US)

(Madrid Torre Azca, Spain)
APAC DnA Leader APAC FSO DnA Leader Global Consulting CDO Global Al Leader

Global DnA Leader

. Raghavendra . P r .
Thomas Erwin Reﬂ aswam Traci Gusher FranckChevalier Vidhya Sekhar
9 \ (Paris, France) (Hoboken, US)

(Mannheim, Germany) (BLR India) (Philadelphia, US)
EMEIA DnA Leader . Americas DnA Leader Americas FSO DnA Leader
GDS DnA Leader EMEIA Fso Dna Leader

deit et s8= Z&F 2 U9 M=
SHS 2 AHIA JS

China

Hong Kong

Indonesia

Japan

laysia
ilippines
Singapore

Oceania

640+

Australia New Zealand

Sydney Auckland
< Melbourne Wellington
\Canberra
Perth
Brisbane

India

Dedicated data
and analytics
delivery service

170+ clients across 18 industries

EY



Snowflake & EY Consulting

APAC & Korea Data Team Leader

N = o| | B4 | _| s | O| | =) PN —
HOIE A2 8202 22 Y 2lH&g DBt A X2 2H 2
APAC Leader Korea Leader
Managing Partner
Core DnA
Cameron Wall . ' . .\: .
(Melbourne, Australia) > —J \'
Region leads ‘Q' ‘v > ‘ a ’ 4e) 0 >
) Gwang Rim Yi Seok Chae Lee Dong Ho Kang Jiwook Choi Joseph Ahn Mingyu Choi
Oceania /F\fig_Paciﬁc ASEAN CJ, Hyundai Motors LG, CJ Lotte, Shinsegae,GS Samsung cJ Shinsegae
ﬁ Data Science Digital & Data Strategy Retail Analytics Data Science & Managed Serv. Digital & PI Data Platform
?5 y ’ ”f 2:; TP-DP Data Tech. Artificial Intelligence FSO DnA Operation Leader
‘rs»‘ - A ‘.6‘
Steve Psichalos Blair Delzoppo (S  Adrian Chew (Kua -
(Melbourne, dney, la Lumpur, s
Australia) Australia) Malaysia) '
Greater China Hong Kong Korea <> ) <a )

-
Daniel Pinto
(Hong Kong)

Gary Gu
(Chrlyna)

Japan Offs!

Rajesh lyer
(Singapore)

Tatsuya
Matsunaga
(Tokyo, Japan)
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Gwang RimYi
(South Korea)

You Keun Lee
Data Platform
Managed Service

DnA Infusion

Seung Heon Lee
Business Performance
Improvement

Sooyeon Kim
Al Strategy

!
“

)

<

Dong Hyun Lee Charlie-Changho Lee Chan Young Lee

TT Infusion

D&ET Infusion

Seyoung Kang
LG FSO Digital, Data
Al Implementation

Bumsoo Kwon

Cloud & DX Platform Cloud & Saa$S Services

Kunyoung Leee

Sung Joon Lim

Nam hee Kim
Go-To-Market

Hyo Bin An
FSO FSRM Infusion

Seokwan Yoon
FSO Analytics

Governance & Strategy

[

>

-
{

-

Sunghoon Cho

FSO BT Infusion FSO BT Infusion

EY



Snowflake & EY Consulting

Korea Data CoE

Korea= Data 8 & L& = 240N Al, Finance, Technology, Digital, Business
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» Advanced Analytics, Data
Core DnA Science, Customer Data

Platform, Data Visualization
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Prediction, Market Forecasting
System

@ LGz Q22w
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* FSRM, Fraud Detection, Early
warning system, Personalization

e
KYOBO muyx
NHsgE2Y

» Digital Marketing, Data
Engineering, Data Visualization

];[ IS/EY Y I2Y Y

Ei/‘ Credential / AHE 2 22|
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AAAAAAAAAAA
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Technology
Transformatio @9\ 24 YU 8 YHE F2| Transformatio
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\
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<2 Internal Sandbox = & 2

— Data Governance, Data
Masterplan, Master Data
Management

» Data Governance,
Manufacturing Data Analytics,
Network Optimization

Digital
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e
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Snowflake & EY Consulting
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EY | Building a better working world

EY exists to build a better working world,
helping to create long-term value for clients,
people and society and build trust in the
capital markets.

Enabled by data and technology, diverse EY
teams in over 150 countries provide trust
through assurance and help clients grow,
transform and operate.

Working across assurance, consulting, law,
strategy, tax and transactions, EY teams ask
better questions to find new answers for the
complex issues facing our world today.

EY refers to the global organization, and may refer to one or more, of
the member firms of Ernst & Young Global Limited, each of which is a
separate legal entity. Ernst & Young Global Limited, a UK company
limited by guarantee, does not provide services to clients.
nformation about how EY collects and uses personal data and a
scription of the rights individuals have under data protection
lation are available via ey.com/privacy. EY member firms do not
practice law where prohibited by local laws. For more information
about ur organization, please visit ey.com.

(© 2023 EY consulting, LLC
All Rights Reserved.

APAC No. 05000843

This material has been prepared for general informational purposes
only and is not intended to be relied upon as accounting, tax, legal or
other professional advice. Please refer to your advisors for specific
advice.

ey.com/kr



